F0HE1Y
2009 4E2 |

BHEAF2E( BRMEM)

Journal of Jinan University ( Natural Science) Feb.

Vol.30 No.1

2009

—MUE U E S ERU T
%B#, ¥ B, A

(FHRIMESNEREEREBR, 7R I~ M 510006)

[ E] ERESEMNBEIVRT FEEEUBBENENR, ¥ EFEMN SLREH#TERL. |
FESMN B8, ATRE—HETESHMIMEMSRBEBILTE. RFELHME, X THEEANEE
S EEE, ERATAMERES. EFSHEE L SXBTEIEEATEST T H MR, TRER K
9, B NS BB T ERA R AITH.
[%@i7] EANH:; BEEk: SHFE

[hES#KS] TP3IL.13 [ XEKARIEEE] A

[XEHS] 1000 -9965(2009)01 - 0031 -04

Approximate equal frequency discretization method

JIANG Sheng-yi, LI Xia, ZHENG Qi
(College of Information, Guangdong University of Foreign Studies, Guangzhou 510006 ,China)

[Abstract] Many algorithms for data mining and machine leaming require that training examples con-
tain only discrete attributes. In order to use these algorithms when some attributes have numeric attrib-
utes, the numeric attributes must be converted into discrete attributes. Because of the extensiveness of
normal distribution, an approximate equal frequency discretization method which based on normal distri-
bution is presented. The method is simple to implementation. Time complexity of the presented discreti-
zation method is nearly linear with the size of dataset and can be used to large dataset. The experimental

results on real datasets show that the discretization method is effective and practicable.
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